B &4 K Databricks Databricks-Generative-Al-

Engineer-Associate™% 58 K& 2 17 3 S0 56 MR 4%k B
FIDatabricks-Generative-AI-Engineer-Associate:
Databricks Certified Generative AI Engineer Associate

< databricks

CERTIFIED
w

Generative AI Engineer

Associate

P.S. VCESoft7E Google Drive |43 % T 4 2 #2026 Databricks Databricks-Generative- Al-Engineer- Associate™ 33 R
J&: https//drive.google.comfopen?id=1PGXX-jyac8z5gflZ loWuEzBsxPIFDhR

[Al & Databricks B4 — BLZEHRE 5 /&, I bADatabricks-Generative- Al- Engineer- Associates® 55 % 3R ) 34 i th 76 7S i s
tho B, VCESoftf%dEME—EEH. WH, WRIREEE T VCESofif&kl, VCESoft# & /RIg 4 —F 1%
BEHRE. RERE —FH, VCESoftfs LITEBIAR BRI B AIR. ER T LURE VRE R A B3R I &
o VCESoftAMETRT AE BiRIEIE SRR, B CAE B IREE BB A, XL ENEEMRT ARSI,

Y& Z—4iI Databricks Databricks-Generative- Al-Engineer- Associate %4 M 5, fEIF 70 HIEE T UEBIEEBER. &
S b AR EMEAPOLEAHBAERGER, A)EHERFH Databricks-Generative- Al- Engineer- Associate % 7
B, BABHR T &K Databricks-Generative- Al-Engineer- Associate % 3R f8 & 7] LA FI IR B @@ % s A% R .
VCESoft f)& ) v] DLHT A 1 & B HRe ], {RF8RIEFIEE Databricks-Generative- Al-Engineer-Associate %7t . BERE
BEE R, XATDOEF E B REER, SN RERE.,

>> Databricks-Generative-Al-Engineer-Associate &% K4 <<


https://drive.google.com/open?id=1PGXX-jyac8z5gf1Z_loWuEzBsxPlFDhR
https://www.newdumpspdf.com/Databricks-Generative-AI-Engineer-Associate-practice-test.html
https://www.newdumpspdf.com/Databricks-Generative-AI-Engineer-Associate-practice-test.html
https://www.vcesoft.com/Databricks-Generative-AI-Engineer-Associate-pdf.html

B #1 Databricks-Generative-AI-Engineer-Associatef® Ji, Databricks-
Generative-AI-Engineer-Associatef $1 %5 /&

WRIBIEER L RENERTR, VCESofth 4 i) Databricks Databricks-Generative- Al- Engineer- Associate % 2 f8 1 & &
% SRR B AR . VCESoft/2 AT DA 3% 15 B 100%6i8 18 /R 55 — Yk £ 111 i) Databricks Databricks-Generative- Al-
Engineer- Associate 5355 % & o

Databricks Databricks-Generative-AI-Engineer-Associate =5 54 K4 :

E 1LELN
¢ Design Applications: The topic focuses on designing a prompt that elicits a specifically formatted response.
T | It also focuses on selecting model tasks to accomplish a given business requirement. Lastly, the topic

covers chain components for a desired model input and output.

¢ Application Development: In this topic, Generative Al Engineers learn about tools needed to extract data,
Langchain

D ¢ similar tools, and assessing responses to identify common issues. Moreover, the topic includes questions

about adjusting an LLM's response, LLM guardrails, and the best LLM based on the attributes of the

application.

¢ Evaluation and Monitoring; This topic is all about selecting an LLM choice and key metrics. Moreover,
5 3 Generative Al Engineers learn about evaluating model performance. Lastly, the topic includes sub-topics
about inference logging and usage of Databricks features.

¢ Assembling and Deploying Applications: In this topic, Generative Al Engineers get knowledge about

coding a chain using a pyfunc mode, coding a simple chain using langchain, and coding a simple chain
L4 according to requirements. Additionally, the topic focuses on basic elements needed to create a RAG
application. Lastly, the topic addresses sub-topics about registering the model to Unity Catalog using
MLAflow.

¢ Governance: Generative Al Engineers who take the exam get knowledge about masking techniques,
N guardrail techniques, and legal
¢ licensing requirements in this topic.
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i RE #18
‘Which TWO chain components are required for building a basic LLM-enabled chat application that includes conversational
capabilities, knowledge retrieval, and contextual memory?

A. Chat loaders

B. Conversation Bufter Memory
C. Vector Stores

D. External tools

E. Q)
F. React Components
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Building a basic LLM-enabled chat application with conversational capabilities, knowledge retrieval, and contextual memory
requires specific components that work together to process queries, maintain context, and retrieve relevant information. Databricks'
Generative Al Engineer documentation outlines key components for such systems, particularly in the context of frameworks like
LangChain or Databricks' MosaicML integrations. Let's evaluate the required components:

* Understanding the Requirements:

* Conversational capabilities: The app must generate natural, coherent responses.


https://www.kaoguti.com/Databricks-Generative-AI-Engineer-Associate_exam-pdf.html

* Knowledge retrieval: It must access external or domain-specific knowledge.

* Contextual memory: It must remember prior interactions in the conversation.

* Databricks Reference:"A typical LLM chat application includes a memory component to track conversation history and a retrieval
mechanism to incorporate external knowledge'("Databricks Generative Al Cookbook," 2023).

* Evaluating the Options:

* A. (Q): This appears incomplete or unclear (possibly a typo). Without further context, it's not a valid component.

* B. Vector Stores: These store embeddings of documents or knowledge bases, enabling semantic search and retrieval of relevant
information for the LLM. This is critical for knowledge retrieval in a chat application.

* Databricks Reference:""Vector stores, such as those integrated with Databricks' Lakehouse, enable efficient retrieval of contextual
data for LLMs'("Building LLM Applications with Databricks").

* C. Conversation Buffer Memory: This component stores the conversation history, allowing the LLM to maintain context across
multiple turns. It's essential for contextual memory.

* Databricks Reference:"Conversation Buffer Memory tracks prior user inputs and LLM outputs, ensuring context-aware
responses'("Generative Al Engineer Guide").

* D. External tools: These (e.g., APIs or calculators) enhance functionality but aren't required for a basicchat app with the specified
capabilities.

* E. Chat loaders: These might refer to data loaders for chat logs, but they're not a core chain component for conversational
functionality or memory.

* F. React Components: These relate to front-end Ul development, not the LLM chain's backend functionality.

* Selecting the Two Required Conponents:

* Forknowledge retrieval, Vector Stores (B) are necessary to fetch relevant external data, a corerstone of Databricks' RAG-based
chat systemns.

* Forcontextual memory, Conversation Buffer Memory (C) is required to maintain conversation history, ensuring coherent and
context-aware responses.

* While an LLM itself'is implied as the core generator, the question asks for chain components beyond the model, making B and C
the mmimal yet sufficient pair for a basic application.

Conclusion: The two required chain components areB. Vector StoresandC. Conversation Buffer Memory, as they directly address
knowledge retrieval and contextual memory, respectively, aligning with Databricks' documented best practices for LLM-enabled
chat applications.

FIRE #19
After changing the response generating LLM in a RAG pipeline from GPT-4 to a model with a shorter context length that the
company self-hosts, the Generative Al Engineer is getting the following error:

What TWO solutions should the Generative Al Engineer implement without changing the response generating model? (Choose two.)

A. Decrease the chunk size of embedded documents

B. Use a smaller embedding model to generate

C. Reduce the maximum output tokens of the new model

D. Retrain the response generating model using ALiBi

E. Reduce the number of records retrieved from the vector database
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Problem Context: After switching to a model with a shorter context length, the error message indicating that the prompt token count
has exceeded the limit suggests that the mput to the model is too large.

Explanation of Options:

Option A: Use a smaller embedding model to generate - This wouldn't necessarily address the issue of prompt size exceeding the
model's token limit.

Option B: Reduce the maximum output tokens of the new model - This option affects the output length, not the size of the input being
too large.

Option C: Decrease the chunk size of embedded documents - This would help reduce the size of each document chunk fed into the
model, ensuring that the input remains within the model's context length limitations.

Option D: Reduce the number of records retrieved from the vector database - By retrieving fewer records, the total input size to the
model can be managed more effectively, keeping it within the allowable token limits.

Option E: Retrain the response generating model using ALiBi - Retraining the model is contrary to the stipulation not to change the
response generating model.

Options C and D are the most effective solutions to manage the model's shorter context length without changing the model itself, by
adjusting the input size both in terms of individual docurment size and total documents retrieved.
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A Generative Al Engineer is deciding between using LSH (Locality Sensitive Hashing) and HNSW (Hierarchical Navigable Small
World) for indexing their vector database Their top priority is semantic accuracy Which approach should the Generative Al Engneer
use to evaluate these two techniques?

e A. Compare the cosine similarities of the embeddings of returned results against those of a representative sample of test inputs

¢ B. Compare the Recall-Onented-Understudy for Gistmg Evaluation (ROUGE) scores of returned results for a representative
sample of test inputs

e C. Compare the Levenshtein distances of returned results against a representative sample of test inputs

¢ D. Compare the Bilingual Evaluation Understudy (BLEU) scores of returned results for a representative sample of test inputs

BER: A
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The task is to choose between LSH and HNSW for a vector database index, prioritizing semantic accuracy.

The evaluation must assess how well each method retrieves semantically relevant results. Let's evaluate the options.

* Option A: Compare the cosine similarities of the embeddings of returned results against those of a representative sample of test
inputs

* Cosine similarity measures semantic closeness between vectors, directly assessing retrieval accuracy in a vector database.
Comparing returned results' embeddings to test inputs' embeddings evaluates how well LSH or HNSW preserves semantic
relationships, aligning with the priority.

* Databricks Reference:"Cosine similarity is a standard metric for evaluating vector search accuracy'("Databricks Vector Search
Documentation," 2023).

* Option B: Compare the Bilingual Evaluation Understudy (BLEU) scores of returned results for a representative sample of test
inputs

* BLEU evaluates text generation (e.g., translations), not vector retrieval accuracy. It's rrelevant for indexing performance.

* Databricks Reference:"BLEU applies to generative tasks, not retrieval'("Generative Al Cookbook").

* Option C: Compare the Recall-Oriented-Understudy for Gisting Evaluation (ROUGE) scores of returned results for a
representative sample of test inputs

* ROUGE is for summarization evaluation, not vector search. It doesn't measure semantic accuracy in retrieval.

* Databricks Reference:"ROUGE is unsuited for vector database evaluation'("Building LLM Applications with Databricks").

* Option D: Compare the Levenshtein distances of returned results against a representative sample of test inputs

* Levenshtein distance measures string edit distance, not semantic similarity in embeddings. It's inappropriate for vector-based
retrieval

* Databricks Reference: No specific support for Levenshtein in vector search contexts.

Conclusion: Option A (cosine similarity) is the correct approach, directly evaluating semantic accuracy in vector retrieval, as
recommended by Databricks for Vector Search assessments.

PR #21

A Generative Al Engineer is developing a chatbot designed to assist users with insurance-related queries. The chatbot is built on a
large language model (LLM) and is conversational. However, to maintain the chatbot's focus and to conmply with company policy, it
must not provide responses to questions about politics. Instead, when presented with political inquiries, the chatbot should respond
with a standard message:

"Sorry, I cannot answer that. I ama chatbot that can only answer questions around insurance." Which framework type should be
implemented to solve this?

A. Security Guardrail

B. Contextual Guardrail
C. Compliance Guardrail
D. Safety Guardrail

ZE: D
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In this scenario, the chatbot must avoid answering political questions and instead provide a standard message for such inquiries.
Implementing a Safety Guardrail is the appropriate solution for this:

What is a Safety Guardrail?

Safety guardrails are mechanisims implemented in Generative Al systers to ensure the model behaves within specific bounds. In this
case, it ensures the chatbot does not answer politically sensitive or irrelevant questions, which aligns with the business rules.



Preventing Responses to Political Questions:

The Safety Guardrail is programmed to detect specific types of inquiries (like political questions) and prevent the model from
generating responses outside its intended domain. When such queries are detected, the guardrail intervenes and provides a pre-
defined response: "Sorry, I cannot answer that. I ama chatbot that can only answer questions around insurance." How It Works in
Practice:

The LLM system can include a classification layer or trigger rules based on specific keywords related to politics. When such terms
are detected, the Safety Guardrail blocks the normal generation flow and responds with the fixed message.

Why Other Options Are Less Suitable:

B (Security Guardrail): This is more focused on protecting the system from security vulnerabilities or data breaches, not controlling
the conversational focus.

C (Contextual Guardrail): While context guardrails can limit responses based on context, safety guardrails are specifically about
ensuring the chatbot stays within a safe conversational scope.

D (Compliance Guardrail): Compliance guardrails are often related to legal and regulatory adherence, which is not directly relevant
here.

Therefore, a Safety Guardrail is the right framework to ensure the chatbot only answers nsurance-related queries and avoids
political discussions.

PR #22

A Generative Al Engineer has successfully ingested unstructured documents and chunked them by document sections. They would
like to store the chunks in a Vector Search index. The current format of the dataframe has two columns: (i) original document file
name (i) an array of text chunks for each document.

What is the most performant way to store this dataframe?

A. Split the data into train and test set, create a unique identifier for each document, then save to a Delta table

B. Flatten the dataframe to one chunk per row, create a unique identifier for each row, and save to a Delta table

C. First create a unique identifier for each document, then save to a Delta table

D. Store each chunk as an independent JSON file in Unity Catalog Volume. For each JSON file, the key is the document
section name and the value is the array of text chunks for that section

£%: B

fE R A«

* Problem Context: The engineer needs an efficient way to store chunks of unstructured documents to facilitate easy retrieval and
search. The current dataframe consists of document filenames and associated text chunks.

* Explanation of Options:

* Option A: Splitting into train and test sets is more relevant for model training scenarios and not directly applicable to storage for
retrieval in a Vector Search index.

* Option B: Flattening the dataframe such that each row contains a single chunk with a unique identifier is the most performant for
storage and retrieval. This structure aligns well with how data is indexed and queried in vector search applications, making it easier to
retrieve specific chunks efficiently.

* Option C: Creating a unique identifier for each document only does not address the need to access individual chunks efficiently,
which is critical in a Vector Search application.

* Option D: Storing each chunk as an independent JSON file creates unnecessary overhead and complexity in managing and
querying large volumes of files.

OptionBis the most efficient and practical approach, allowing for streamlined indexing and retrieval processes in a Delta table
environment, fitting the requirements of a Vector Search index.
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