MLS-CO1#158%& % . MLS-C018 5 &

(packt

Second Edition

AWS Certified Machine
Learning - Specialty (MLS-CO1)
Certification Guide

The ultimate guide to passing the MLS-CO1
exarm on your first attempt

Somanath Nanda | Weslley Moura

N M-PREP TOOLS

FLA CK EXAMS | EXAM TIPS

P.S.Jpexam#’ Google Drive T3£H L T W 3 #¥ 02026 Amazon MLS-C014X > 7" :  hitpsy//drive.google.com/open?
id=17wN4YJIsNIteJxsPwKdCgOM;j_SHBGR735

B DR WAmzonOMLS-COIRE L —=Y 7 BEBAODF s 20D T, WA T E 5. Jpexam®D
AmazonOMLS-COIERBE b L —=> 7 BRE BELRZB+ F o> TOBITEMRAHAL 2 DT, HE L BEN
BBECEHEATHILDTT. DY A FOBRE ZN EHRBZIETATEFRA. TOEMBLZTIETY
HDEECA. Ipexamz BRI ORI ERIDICFLVWEFTLE T,

AWS Certified Machine Learning-Specialty B3 3 2 2 id « WBEHOME. 7VvIT VXA, 8LV —VIZERVE
FRABBETT . &7+ Amazon SageMaker. AWS Lambda. Amazon Redshift. Amazon AthenaZ: & D AWSH — € A
EHERAL T, BMFE 7V EMES S UVRMAT 2 RKERMN L2 ERSBET Y. B G, 7—XORMHE. K-
IYY=7YVI ETNVD ML=V 7 LR R Fa—=V T BIUV X2 VT4 EIVT T
TYABZE. BRAZbEy IRFENTOET. CORBE . BHOBIRE L BHOREBEHROERH THRS
N, 1703 TETTILERDY 5. & 100057505 L LA BET ¥ . AWS Certified Machine
Learning-Specialty D BE # BB+ 2 L2 & D AWST' 5y b7 4 — A L TR GEREE YY) 22— a > %
Rats & VIR T 2RAEMEHEL. FlLoF v Y 7THSEHBL. NEME2RD 2 EB8TEET.
AWS-Certified-Machine-Learning-Specialtyz B id « AWSH — b 2 # L THBR¥EE Y Y 2 —> a v #&&5H £
BBHLEVWEEZZEANOAFVEMBERIE T2 2HME LU WRERRTY. CORBCE

BL-EHEE. BRPEOEPMIMBEMAL. 7 —24 A4 2> A0BBRFEONBTCTCF vV 77 v 7O
BEEDIZILENTEET.

>>MLS-CO14158 & Bl <<

MLS-CO018% 5 B & MLS-C01 H &5 3% B B g


https://drive.google.com/open?id=1zwN4YJsNIteJxsPwKdCgOMj_8HBGR735
https://www.passtest.jp/MLS-C01-exam.html
https://www.jpexam.com/MLS-C01_exam.html

ITRERBEZ T 2ZBEGEFEAEHAFL L TVWBIATT. RBC 22D KEORME hL—=27
BRZECLEZBANLSSAVET., CCTRAGRBVEBERO Y2749 ( 288 L £ 4. Jpexam
EVWIHA FTT. Jpexam® Amazon® MLS-COIFRERERI 2 FIAL 126 AW T2 eNTEDZ LD L
NET. RGO LCACTHEHYOBR2E S I, Lhrd. ¥4 FTFA T —RO—EIZERTT.
Lo LBEEDC L. Y TV EEBRGEEE b % 12 A AmzonDMLS-COIRER I Zn 23 2 LI K& xBIJ 2 h £
T . Jpexam D Amazon® MLS-COIGRERE RS & 2 12 C R 2 BN S 2 e BN TE BRI TE LS. bl H
RBESABEARIEZILETELTH S, JpexamZIBIX 2 WHERE 2T T,

Amazon AWS Certified Machine Learning - Specialty 58 & MLS-C01 & 5 [
& (Q213-Q218):

HH #213

A large company has developed a BI application that generates reports and dashboards using data collected from various
operational metrics. The company wants to provide executives with an enhanced experience so they can use natural language to get
data from the reports. The company wants the executives to be able ask questions using written and spoken interfaces.

‘Which combination of services can be used to build this conversational interface? (Choose three.)

A. Alexa for Business

B. Amazon Connect

C. Amazon Comprehend
D. Amazon Polly

E. Amazon Transcribe

F. Amazon Lex

Ef#: B. C. E
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A company sells thousands of products on a public website and wants to automatically identify products with potential durability
problens. The company has 1.000 reviews with date, star rating, review text, review summary, and customer email fields, but many
reviews are inconplete and have empty fields. Each review has already been labeled with the correct durability result.

A machine learning specialist must train a model to identify reviews expressing concerns over product durability. The first model
needs to be trained and ready to review in 2 days.

What is the MOST direct approach to solve this problem within 2 days?

A. Use a built-in seq2seq model in Amazon SageMaker.

B. Build a recurrent neural network (RNN) in Amazon SageMaker by using Gluon and Apache MXNet.
C. Train a custom classifier by using Amazon Comprehend.

D. Train a built-in BlazingText model using Word2Vec mode in Amazon SageMaker.

IEfE: C

AR :

The most direct approach to solve this problem within 2 days is to train a custom classifier by using Amazon Comprehend. Amazon
Comprehend is a natural language processing (NLP) service that can analyze text and extract nsights such as sentiment, entities,
topics, and syntax. Amazon Comprehend also provides a custom classification feature that allows users to create and train a custom
text classifier using their own labeled data.

The custom classifier can then be used to categorize any text document into one or more custom classes. For this use case, the
custom classifier can be trained to identify reviews that express concerns over product durability as a class, and use the star rating,
review text, and review summary fields as input features. The custom classifier can be created and trained using the Amazon
Comprehend console or API, and does not require any coding or machine learning expertise. The training process is fully managed
and scalable, and can handle large and complex datasets. The custom classifier can be trained and ready to review in 2 days or less,
depending on the size and quality of the dataset.

The other options are not the most direct approaches because:

Option B: Building a recurrent neural network (RNN) in Amazon SageMaker by using Gluon and Apache MXNet is a more
complex and time-consuming approach that requires coding and machine learning skills.

RNNS are a type of deep learning models that can process sequential data, such as text, and learn long-term dependencies between
tokens. Gluon is a high-level API for MXNet that simplifies the development of deep learning models. Amazon SageMaker is a fully
managed service that provides tools and frameworks for building, training, and deploying machine learning models. However, to use
this approach, the machine learning specialist would have to write custom code to preprocess the data, define the RNN architecture,
train the model, and evaluate the results. This would likely take more than 2 days and involve more admmnistrative overhead.


https://www.passtest.jp/Amazon/MLS-C01-shiken.html

Option C: Training a built-in BlazingText model using Word2 Vec mode in Amazon SageMaker is not a suitable approach for text
classification. BlazingText is a built-in algorithm in Amazon SageMaker that provides highly optimized implementations of the
Word2Vec and text classification algorithms. The Word2Vec algorithm is useful for generating word embeddings, which are dense
vector representations of words that capture their semantic and syntactic similarities. However, word embeddings alone are not
sufficient for text classification, as they do not account for the context and structure of the text documents. To use this approach, the
machine learning specialist would have to combine the word embeddings with another classifier model, such as a logistic regression
or a neural network, which would add more complexity and time to the solution.

Option D: Using a built-in seq2seq model in Amazon SageMaker is not a relevant approach for text classification. Seq2seq is a
built-in algorithm in Amazon SageMaker that provides a sequence-to-sequence framework for neural machine translation based on
MXNet. Seq2seq is a supervised learning algorithm that can generate an output sequence of tokens given an input sequence of
tokens, such as translating a sentence from one language to another. However, seq2seq is not designed for text classification, which
requires assigning a label or a category to a text document, not generating another text sequence. To use this approach, the machine
learning specialist would have to modify the seq2seq algorithm to fit the text classification task, which would be challenging and
meflicient.

Custom Classification - Amazon Comprehend

Build a Text Classification Model with Amazon Comprehend - AWS Machine Learning Blog Recurrent Neural Networks - Gluon
API BlazingText Algorithm - Amazon SageMaker Sequence-to-Sequence Algorithm - Amazon SageMaker
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A conpany is observing low accuracy while training on the default built-in image classification algorithm in Amazon SageMaker. The
Data Science team wants to use an Inception neural network architecture instead of a ResNet architecture.

‘Which of the following will acconplish this? (Select TWO.)

e A, Use custom code in Amazon SageMaker with TensorFlow Estimator to load the model with an Inception network and use
this for model training,

¢ B. Download and apt-get install the inception network code into an Amazon EC2 instance and use this instance as a Jupyter
notebook in Amazon SageMaker.

e (. Customize the built-in image classification algorithm to use Inception and use this for model training.

e D. Create a support case with the SageMaker team to change the default image classification algorithm to Inception.

¢ E. Bundle a Docker container with TensorFlow Estimator loaded with an Inception network and use this for model training,

IE%: A\ E

RN -

The best options to use an Inception neural network architecture instead of a ResNet architecture for image classification in Amazon
SageMaker are:

* Bundle a Docker container with TensorFlow Estimator loaded with an Inception network and use this for model training. This
option allows users to customize the training environment and use any TensorFlow model they want. Users can create a Docker
image that contains the TensorFlow Estimator API and the Inception model from the TensorFlow Hub, and push it to Amazon ECR.
Then, users can use the SageMaker Estimator class to train the model using the custom Docker image and the training data from
Amazon S3.

* Use custom code in Amazon SageMaker with TensorFlow Estimator to load the model with an Inception network and use this for
model training, This option allows users to use the built-in TensorFlow container provided by SageMaker and write custom code to
load and train the Inception model. Users can use the TensorFlow Estimator class to specify the custom code and the training data
from Amazon S3. The custom code can use the TensorFlow Hub module to load the Inception model and fine-tune it on the training
data.

The other options are not feasible for this scenario because:

* Customize the built-in image classification algorithm to use Inception and use this for model training,

This option is not possible because the built-in image classification algorithm in SageMaker does not support customizing the neural
network architecture. The built-in algorithm only supports ResNet models with different depths and widths.

* Create a support case with the SageMaker team to change the default image classification algorithm to Inception. This option is
not realistic because the SageMaker team does not provide such a service.

Users camnot request the SageMaker team to change the default algorithm or add new algorithns to the built-in ones.

* Download and apt-get install the inception network code into an Amazon EC2 instance and use this instance as a Jupyter
notebook in Amazon SageMaker. This option is not advisable because it does not leverage the benefits of SageMaker, such as
managed training and deployment, distributed training, and automatic model tuning. Users would have to manually nstall and
configure the Inception network code and the TensorFlow framework on the EC2 instance, and run the training and inference code
on the same instance, which may not be optimal for performance and scalability.

References:

* Use Your Own Algorithms or Models with Amazon SageMaker



* Use the SageMaker TensorFlow Serving Container
* TensorFlow Hub
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A media company with a very large archive of unlabeled images, text, audio, and video footage wishes to index its assets to allow
rapid identification of relevant content by the Research team The company wants to use machine learing to accelerate the efforts of
its in-house researchers who have limited machine learning expertise.

Which is the FASTEST route to index the assets?

¢ A. Use Amazon Transcribe to convert speech to text. Use the Amazon SageMaker Neural Topic Model (NTM) and Object
Detection algorithims to tag data into distinct categories/classes.

¢ B. Use the AWS Deep Learning AMI and Amazon EC2 GPU instances to create custom models for audio transcription and
topic modeling, and use object detection to tag data into distinct categories/classes.

¢ (. Use Amazon Rekognition, Amazon Comprehend, and Amazon Transcribe to tag data into distinct categories/classes.

¢ D. Create a set of Amazon Mechanical Turk Human Intelligence Tasks to label all footage.

Ef#: C
A -
Explanation

Amazon Rekognition, Amazon Comprehend, and Amazon Transcribe are AWS machine learning services that can analyze and
extract metadata from images, text, audio, and video content. These services are easy to use, scalable, and do not require any
machine learning expertise. They can help the media company to quickly index its assets and enable rapid identification of relevant
content by the research team. Using these services is the fastest route to index the assets, compared to the other options that nvolve
human mtervention, custommodel development, or additional steps. References:

AWS Media Intelligence Solutions

AWS Machine Learning Services

The Best Services For Running Machine Learning Models On AWS

H #217
A Machine Learning Specialist uploads a dataset to an Amazon S3 bucket protected with server-side encryption using AWS KMS.
How should the ML Specialist define the Amazon SageMaker notebook instance so it can read the same dataset from Amazon S3?

¢ A Define security group(s) to allow all HTTP inbound/outbound traffic and assign those security group(s) to the Amazon
SageMaker notebook instance.

e B. Assign the same KMS key used to encrypt data in Amazon S3 to the Amazon SageMaker notebook instance.

¢ C. Configure the Amazon SageMaker notebook instance to have access to the VPC. Grant permission in the KMS key
policy to the notebook's KMS role.

e D. Assign an IAM role to the Amazon SageMaker notebook with S3 read access to the dataset. Grant permission in the
KMS key policy to that role.

IEf#: D

AR :

To read data from an Amazon S3 bucket that is protected with server-side encryption using AWS KMS, the Amazon SageMaker
notebook instance needs to have an IAM role that has permission to access the S3 bucket and the KMS key. The IAM role is an
identity that defines the permissions for the notebook instance to interact with other AWS services. The IAM role can be assigned to
the notebook mstance when it is created or updated later.

The KMS key policy is a document that specifies who can use and manage the KMS key. The KMS key policy can grant
permission to the IAM role of the notebook instance to decrypt the data in the S3 bucket. The KMS key policy can also grant
permission to other principals, such as AWS accounts, [AM users, or [AM roles, to use the KMS key for encryption and
decryption operations.

Therefore, the Machine Learning Specialist should assign an IAM role to the Amazon SageMaker notebook with S3 read access to
the dataset. Grant permission in the KMS key policy to that role. This way, the notebook instance can use the IAM role credentials
to access the S3 bucket and the KMS key, and read the encrypted data from the S3 bucket.

References:

Create an IAM Role to Grant Permissions to Your Notebook Instance

Using Key Policies in AWS KMS
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